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Abstract

Knowledge Graphs (KGs) have emerged as a popular technology for improving the reliability and relevance of
generative AI's decisions by acting as grounding truth infrastructures that provide factual domain knowledge
as a result of the integration of diverse personal and private data. While the applications of KGs are gaining
momentum, an overlooked and, if not even more pressing, investigation into the governance of KGs through
their lifetime is needed to ensure their responsible development, maintenance and use. This is, however, a
challenge as there is no standard in building and using KGs in a responsible manner in the same way we approach
Al This issue of governance deepens when dealing with multimodal data subject to various licences and legal
bases for data sharing under the GDPR and its KG representation. As Al increasingly automates data collection,
ontology engineering and KG construction and maintenance, we are witnessing a soft shift towards a “black
box” development model. By limiting human expert involvement and lacking rigorous findable, accessible,
interoperable, reusable (FAIR) documentation of KG lifecycle events (e.g. maintenance, access and usage for
various purposes by Al), we create a systemic blind spot. This contradicts principles of responsible Al development
and poses threats to Al safety when KGs are utilised as main knowledge sources for Al improvement (e.g. in
Graph Retrieval Augmented Generation (RAG) of Large Language Models (LLMs)). Without a verifiable and
FAIR audit documentation of a KG’s lifecycle, a KG can easily become a liability rather than an asset. This paper
addresses the governance of multimodal KGs, highlighting that they fit neither solely under data nor entirely
under Al governance. Motivated by this, we present an idea for a KG governance framework centred around
FAIR documentation of events, their regulatory compliance and transparent communication to end-users.
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1. Introduction

Knowledge Graphs (KGs) have become one of the key technologies for mitigating Generative Al
hallucinations when used as grounding truth sources of structured factual expert knowledge [1][2][3]
via Graph Retrieval Augmentation (Graph RAG) [4][5]. By providing a rich semantic framework for
findable, accessible, interoperable, reusable (FAIR) data sharing and a shared understanding of the
data itself, KGs help streamline the understanding and actions of both humans and autonomous Al
agents in complex multiagent settings. Among other, KGs and their underlying semantic layer can
also enable the implementation of ethical and legal principles for data sharing, processing and use in a
machine-readable format that Al can understand and reason over [6][7]. As such, KG are becoming a
key technology for data governance in Al [8] and aiding its responsible development from the ground
up - a key principle of data-centric Al many consider can help unlock AT’s full potential.

However, building and using KGs is increasingly shifting toward fully automated, opaque processes
that lack both transparency and the integration of human expertise (e.g. from domain and knowledge
engineering experts). This shift has its advantages and disadvantages. Recent work such as [9]{10] has
focused on using LLMs for ontology generation, others such as [11][12] have focuses on LLMs for KG

3rd NeXt-generation Data Governance workshop (NXDG 2026), co-located with the 22nd SEMANTICS conference, 15 September
2026, Ghent, Belgium

*Corresponding author.

"These authors contributed equally.

Q akurteva@bham.ac.uk (A. Kurteva)

® 0000-0003-4512-5969 (A. Kurteva)

© 2022 Copyright for this paper by its authors. Use permitted under Creative Commons License Attribution 4.0 International (CC BY 4.0).
5


mailto:a.kurteva@bham.ac.uk
https://orcid.org/0000-0003-4512-5969
https://creativecommons.org/licenses/by/4.0/deed.en

construction. We have also already witness the use of industry-ready frameworks such as LangGraph'
that can fully automate the construction of graphs for Graph RAG systems (i.e. documents are mined
and algorithmically structured into complex knowledge networks, eliminating the need for manual
orchestration and schema definition). While such work provides significant benefit to KG engineering
in terms of saving time and effort, issues regarding ethical and responsible development arise, especially
when it comes to the data and Al-based processing used in the KG engineering process and later on
during KG utilisation. Zhong et al. [13] discuss the pressing need to protect cyber Intellectual Property
(IP) and unauthorised access of LLMs for information retrieval tasks (e.g. data collection and harvesting).
Others such as [14], highlight the need to remember data can be personal and subject to human rights
and regulatory compliance when dealing with LLMs. Feretzakis et al. [15] also tie legal compliance
directly to the responsible use of LLMs to handle and use data.

The absence of standardised FAIR documentation regarding key lifecycle events such as schema defi-
nition, update, data collection, processing, annotation and maintenance (e.g. when privacy-preservation
and legal compliance need to be ensured), further undermines their verifiability, reliability and trust-
worthiness. This becomes a significant roadblock when KGs are used to augment Al in a reliable and
responsible manner. These challenges are further magnified when KGs are used as infrastructures
to integrate public and private multimodal data such as text, images, documents. Examples of two
use cases utilising multimodal knowledge graphs (MMKGs) are presented in section 3. MMKGs have
recently emerged as powerful tools for enhancing Al capabilities, allowing for richer data representation
by linking contextual information across various modalities [9]. Similarly to KGs, MMKGs’ engineering
is also subject to various automation with the help of Al One possible example of semi-automated
MMKGs engineering involving human-AlI collaboration is presented on Figure 1.
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Figure 1: MMKGs’ Development Example, Human and Agent Involvement, and Applicable Legislation. The
process begins with defining a Use Case (1) and establishing an Ontology (2), which feeds into Data Source
Identification (3) and Resource Acquisition (4). This data gathering is strictly governed by a legal framework
covering informed consent, contracts, and intellectual property. The acquired multimodal data (datasets,
documents, video, audio, images) undergo Data Processing (5), Ontology Alignment (6), are turned into
a MMKG (7). The MMKG Deployment (8) phase powers downstream Al applications such as Predictive
Analytics, Graph RAG, and Automated Decision Making subject to the EU Al Act, all while undergoing continuous
Maintenance (9) that needs to be carried out by authorised agents.

With current advances in Al, an agent can replace a human in many tasks such as multimodal

'https://www.langchain.com/langgraph



data collection, integration and KG construction [16]. From a legal and regulatory standpoint, this
automated collection and integration introduces significant risks regarding privacy, data processing
and regulatory compliance. Under regulations like the GDPR, every piece of personal data must be
tied to a specific legal basis (e.g., explicit consent, contractual necessity, or legitimate interest). Further,
when data is already collected and made available as datasets, different licenses might be attached to
them. When multiple data modalities are interconnected and integrated with a MMKG, tracking and
adhering to such distinct legal bases to ensure compliant data sharing and use becomes a true challenge.
There is a pressing need to establish an effective KG governance framework that can help us oversee
diverse lifecycle events on both data and semantic levels, to ultimately ensure responsible technology
development and use for AL Without such operational governance over KGs’ lifecycle, we risk KGs
becoming sources of misinformation for Al and open the door to their unethical and irresponsible
development and use. All of this contributes to a bottom-up erosion of the public’s and institutions’
trust in AL

This paper aims to highlight the need for establishing clear KG lifecycle governance framework(s)
that ensure KGs are verifiable and reliable sources of knowledge for improving and not misinforming Al
Motivated by this, we propose a framework for KG and MMKG governance focused on the development
of mechanisms for documenting, monitoring, compliance verification and communication of KG lifecycle
events. Having such framework, based on providing actionable FAIR KG lifecycle documentation can
equip diverse users of KGs, such as KG engineers, software developers and regulatory compliance
auditors, with information for verifying the legal compliance and operational transparency of diverse
KGs. This will ultimately help build more trust in the KG we utilise and will motivate their responsible
development and use in the future. The remainder of this paper is organised as follows. Section 2
reviews related literature. Section 3 introduces two motivating use cases for KG lifecycle governance,
from which a series of challenges regarding KG and MMKG governance are derived in Section 4. An
overview of our proposed framework is detailed in Section 5, and Section 6 concludes the paper.

2. Relevant Work for KG Governance

KG governance is bounded by standard data management principles. Conceptual frameworks established
in literature emphasise that governance is far beyond a technical configuration, but a crucial design
challenge that requires concrete decision-making rights and accountability for data processes, ensuring
data is governed as a valuable asset. As defined in [17], governance determines what decisions are
necessary to be done and who executes them, while management refers to the technical enforcement
of those decisions. Significantly, failing to differentiate between these layers can result in data asset
fragmentation, which impairs data-driven decisions and impedes organisational effectiveness. Based on
this notion, Khatri and Brown et al. [17] outline five decision domains such as (i) data principles which
dictate top-level standards and set boundary requirements, (ii) metadata which standardises taxonomies,
(iii) data quality and lifecycle which determine validity, security, and the lifecycle parameters. Together,
they form a structured data governance structure to assist organisations in managing data, nevertheless,
the five decision domains provide no semantic or ontological abstractions for controlling accountability.

As relational databases evolve towards more diverse data environments, these decision domains must
also evolve to accommodate Big Data factors. In [18], Big Data governance is defined as managing
massive organisational data for decision-making using a data framework validated against the ISO 8000
standard, based on the volume, velocity, variety, value, and veracity of data. However, the emergence of
heterogeneous settings shift the governance concern from database storage to semantic heterogeneity
and structural complexity. With this, Big Data jeopardises the quality, security and integrity of data,
indicating that conceptual frameworks fail to scale in heterogeneous settings. For Big Data governance
to be successful in addressing challenges of data variety and heterogeneous environments, it must rely on
frameworks that balance open sharing, specifically the FAIR principles, with human-centric sovereignty.
For example, to follow the principles of collective benefit, authority to control, responsibility, ethics
(CARE). In this work, they are lightly explored, but not incorporated as semantic techniques.



Moreover, integrating Big, Open, and Linked Data (BOLD) with algorithmic systems can demand
for mechanisms that handle real-time data from various sources. Janssen et al. [19] presents a data
governance framework for trustworthy Big Data Algorithmic Systems (BDAS). Across these systems,
trustworthiness refers to how a system upholds the interests of the trusted entity (e.g., society). To
integrate and support trust, essentially, the proposed framework is based on thirteen design principles,
not limited to, mandates that handle data, processes, and algorithms, alongside trusted data sharing,
risk-based governance, and shared ownership to maintain sovereign data control. Nevertheless, the
framework offers no functionality in utilising KGs to capture data-to-decision lineage. In parallel, Jernite
et al. [20] addresses human data management by proposing a Data Stewardship Organisation (DSO)
framework built for language technology and training of large language models (LLM). Crucially, the
DSO framework establishes a governance structure to foster the agency of data subjects by operating
on (i) regulations, (ii) norms and values, and (iii) tools and implementation that apply technical policies.
Similarly to the latter, the DSO framework relies primarily on manual administrative roles and standards,
thus it is limited in the technical operationalisation of machine-readable KGs. Further discussions on
governance [21] highlight the discrepancy between technological advancements of Al architectures
and the slow pace of legislative or regulatory responses. In such contexts, to prevent risks and negative
consequences of autonomous applications, there is a need for transition from ’principle to process’
through AI audit frameworks and technical certifications, which challenge traditional concepts of
jurisdictional sovereignty, and require more adaptive regulatory environments.

Dafoe et al. [22] expands on this, by presenting a research agenda for Al governance that focuses on
the norms and institutions shaping how Al is built and deployed. The focus is set on Al as (i) a general-
purpose, (ii) an information, and (iii) an intelligence technology. Through this, the research agenda
addresses the systemic failures of transformative AI (TAI) systems or Al-assisted human actors, which
occur due to qualitative changes (e.g., private information about conflict costs, bargaining inefficiencies),
and the need for new conceptual tools to prevent cooperative malfunctions. This perspective is
significant in the era of agentic generative Al and Artificial General Intelligence (AGI) for which Joshi
et al. [23] proposes a governance architecture to address post-deployment risks such as recursive
self-improvement (RSI) and multi-agent coordination with minimal human oversight. This, however,
offers only a review of static policies and conceptual proposals lacking concrete execution of semantics,
leaving the proposed multi-agent coordination layer unable to monitor and verify autonomous agent
actions in real-time.

Overall, there is limited research on the topic of governance of KGs themselves. Research such as
[24][25] address the topic from different perspective related to implementing trust and accountability
in KG-based AlI, while in [26] the authors touch upon KG management principles, which can aid
governance. Most of the work in the field has focused on broader data management [27][28] and on
Al governance [29][30], is not open source (i.e. part of specific graph database management systems’
functionalities requiring subscription plans), not FAIR (e.g. hidden in layers of system logs) and not
operational and actionable for humans and Al agents. This creates a unique and timely opportunity
to investigate the topic, especially when it comes to facilitating the integration and interpretation of
diverse public and private multimodal data, such as text, images, and documents, with KGs in different
cases as discussed in the next sections.

3. Use Cases motivating the Need for MMKG Governance

This section outlines two use cases in the financial risk management and digital product passport
(DPP) domains, on which we have worked on previously in [31][32], where KGs have proven useful for
multimodal data integration, interpretation and knowledge discovery. Use case 1 focuses on MMKGs
for Al-driven digital twins of financial risk management processes, which can be seen as high risk Al
case according to the AI Act due to the highly sensitive personal data used for risks evaluation of people.
Use case 2, on the other hand, focuses on DPP-based data sharing enabled by MMKGs, which can also
carry personal information about owners and their devices during their in-use lifetime. Both of these



use cases require multimodal data from various sources to be integrated and interpreted in a reliable
and trustworthy manner by both humans and Al. Governing how these KGs are build, used, accessed,
modified, utilised etc. becomes critical to enable their verifiability and reliability.

Use Case 1: MMKGs for Financial Operational Risks Management. Effective financial risk
prediction is heavily affected by the fragmented and heterogeneous nature of financial data scattered
across disparate departments and organisations. To mitigate these vulnerabilities, which saw global
operational risk losses alone skyrocket past €17.8 billion in 2022 [33], the industry must move beyond
isolated data. Overcoming this, requires integration of multimodal data (e.g. transaction logs, scanned
pdf documents such as contracts and passports, biometrics, images from documents) and mapping
of the complex, implicit relationships connecting institutional entities, financial products (e.g. loans
and mortgages) and the risks associated with them. Financial Digital Twins (FDTs) have emerged as a
promising solution by integrating heterogeneous data and dynamically modeling financial operations
with the help of KGs and MMKGs as main data integration infrastructures. However, achieving this
integration introduces significant hurdles regarding data governance and the management of the KGs
used to represent it. Financial data is highly sensitive thus its sharing, processing, and utilisation (par-
ticularly when feeding KGs into downstream Al models) demands strict, robust governance frameworks
to ensure security, regulatory compliance, and privacy. When data is transformed into a KGs/MMKGs,
it is also accompanied by semantics that bring time-relevant context. The KGs/MMKGs should be built
responsibly by respecting personal data privacy and securing explicit, informed consent. They must
remain consistently reliable, ensuring that the underlying data and graph structures maintain high
quality and are securely accessible, usable and editable on demand only by authorised and verified
agents.

Use Case 2: MMKGs for Digital Product Passports-based Safety and Security monitoring of
Products

Over the past decade, the exponential surge in global e-commerce has driven supply and demand
to unprecedented levels. Legal entities such as Customs, are tasked with verifying the safety, origin,
and valuation of millions of incoming products. This is a challenge due to lack of data and process
digitisation and pressing legislation such as the Ecodesign for Sustainable Products Regulation (ESPR)
[34]. The ESPR requires the implementation of Digital Product Passports (DPPs) to serve as digital
identity cards tracking the components and sustainability profiles of goods. However, deploying DPPs
at a scale that genuinely eases the enforcement bottleneck requires a robust, foundational digital
infrastructure capable of processing, linking, and interpreting vast volumes of diverse multimodal
data such as textual customs reports, structured product metadata, and visual imagery of goods and
packaging [35][36]. KGs and specifically MMKGs can serve as an infrastructure that seamlessly unifies
these distinct data modalities into a single, interconnected network of semantic relationships, enabling
automated, intelligent cross-referencing and anomaly detection to flag non-compliant or fraudulent
shipments instantly.

This approach introduces a variety of technical challenges alongside significant legal risks. From a
data perspective, cross modality misalignment (e.g. discrepancies between visual data (like a product
photo) and textual metadata) can result in incorrect data interpretation and its KG representation. This
will also have an effect on decision making along the chain. Data sovereignty and privacy concerns
present a high barrier to adoption, as private enterprises may resist sharing granular supply chain
data due to the fear of exposing proprietary trade secrets. Personal privacy is also a factor as many
ICT devices hold information that can be classified as personal. This issue has been further discussed
in [35][37][38]. Adversarial risks pose a significant threat to compliance, as malicious actors could
manipulate product images and metadata prior of after its KGs transformation. Mitigating this requires
absolute trust in the underlying DPPs (stored as KGs/MMKGs). Strict verification protocols need to
be implemented to guarantee that the data and its KG/MMKG representation(s) are managed by only
authorised and trustworthy humans and Al agents.



4. Challenges in (Multimodal) KG Governance

Following our work in the fields of KGs and Al, data governance and regulatory compliance, and based
on literature, this section, presents some of the existing challenges associated with establishing efficient
and effective MMKGs governance. We have grouped these challenges in several categories as shown in
the next subsections. While we focus on multimodal data and MMKGs, these challenges can also be
abstracted to single data modality and traditional KGs.

4.1. Data-Oriented Challenges

Lack of established multimodal data lineage tracking processes and documentation.

Lack of structured frameworks to systematically verify data collection ethics, legal provenance,
and licensing restrictions prior to graph integration.

Enforcement of data processing restrictions based on dynamic user consent agreements during
data ingestion for KG development and deployment in Al ecosystems.

Navigating conflicting intellectual property (IP) laws, data licenses, and copyright when integrat-
ing multimodal data sources with KGs/MMKGs.

4.2. Knowledge Representation-Oriented Challenges

Inconsistent adherence to best practices in ontology engineering (e.g. undocumented ontologies,
lack of ontology validation and evaluation.)

Difficulties in enforcing, validating, and maintaining standardised conceptual modeling practices
and design patterns across complex, evolving knowledge schema.

Semantic drift and misalignment in multimodal knowledge representations. This arises when
unable to accurately capture, synchronise, and update the semantic abstractions of diverse data
modalities (e.g., text, vision, structured tables) within a unified, high-fidelity graph schema over
time.

Lack of transparency and documentation of automated KG engineering pipelines and data extrac-
tion workflows, which hinders accountability and error verification.

4.3. Human-Al Collaboration Challenges

Ambiguous definition of data access permissions, usage scope/boundaries, and legal and ethical
responsibilities for autonomous agents operating on the KG.

Formulating and enforcing distinct operational boundaries and obligations for humans and Al
agents involved in KGs’ lifecycle.

Difficulties in seamlessly aligning, managing, and governing collaborative actions between human
domain experts and autonomous Al agents within the broader KG ecosystem.

Technical hurdles in securely verifying and authenticating the identities of both humans and Al
agents.

4.4. Compliance-oriented challenges

Unclear governance principles technologies such as KGs. Currently, most of the work in the
research fields and industry has focused on either data or Al governance. KGs can be seen as a
technology that stands in between. They represent and store data but also have been considered
as a type of (symbolic) AI® [39].

Lack of actionable documentation of how KGs are used by Al what parts of them when and why
during decision making.

*https://www.lenovo.com/us/en/knowledgebase/symbolic-artificial-intelligence-a-comprehensive-guide/
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« Lack of standardised data for regulatory compliance and audit. FAIR documentation frameworks
capable of supporting complex, multi-jurisdictional compliance audits, such as ensuring GDPR
compliance (e.g., handling the “right to be forgotten” within a MMKG are needed.).

 Lack of shared expert knowledge and structured, interdisciplinary collaboration between KG
engineers and legal/technology governance experts.

5. Towards a Framework for MMKGs Governance

Effective MMKG governance requires a hybrid approach combining both data and AI governance.
Traditional, standalone frameworks fall short because they cannot fully manage the complex evolution
of graph data, automated Al processing, or the shifting roles of human and Al agents across the lifecycle.
To build responsible Al applications, we must implement safeguards that ensure transparency and
accountability at every stage. This section introduces an idea of a governance framework (see Figure 2)
focused on documenting and monitoring lifecycle events, verifying their regulatory compliance, and
keeping humans and Al agents informed via notifications.

5.1. How to document KG lifecycle events?

Proposal: We propose the development of a mechanism for the semi- and fully automated, machine-
readable documentation of MMKG lifecycle events at both the data and semantic levels. Inspired by
Data and AI Cards [41][42], this mechanism utilizes a dedicated governance ontology that reuses and
extends standard vocabularies such as DCAT [43], PROV-O [44], DPV [45], Croissant ML Commons [46],
and domain-specific baselines—to automatically generate FAIR, custom, and dynamic documentation
templates. These templates capture granular metadata regarding event typologies (e.g., schema updates,
new data modalities), underlying rationales, operational dynamics (status, changes, timestamps), and
full agent provenance (human, software, and Al systems).

Expected Result: The successful implementation of this mechanism will yield machine-interoperable
documentation providing a highly granular, transparent view of MMKG events (e.g. access to the KG,
updates of specific data and semantics, annotation of new data), specifically detailing data sources,
modality-specific processing, and semantic metadata. Furthermore, by integrating these templates
with the Open Digital Rights Language (ODRL) [47], the framework will deliver an automated layer of
governance that defines explicit usage policies (permissions and obligations) in direct compliance with
the regulatory mandates of the EU AI Act [48].



5.2. How to enable the monitoring for KG lifecycle events?

Proposal: Drawing inspiration from code versioning and semantic conflict resolution research, we
propose a monitoring mechanism designed to track the evolution of MMKGs and KG events by leverag-
ing existing machine-readable documentation. The mechanism will use SPARQL queries to capture
KG snapshots that establish authoritative baselines representing various KG lifecycle event outcomes.
By comparing historical documentation versions against the active, latest KG, this monitoring mecha-
nism will apply SHACL (Shapes Constraint Language) [49] to validate multimodal content and detect
structural or schema-level shifts both before and after lifecycle events.

Expected Results: The deployment of this monitoring mechanism will enable the automated
identification of previously unreported semantic or syntactic discrepancies across the knowledge graph.
This will ensure continuous alignment between the physical state of the KG and its machine-readable
documentation, significantly improving data integrity, validating multimodal content consistency, and
providing a robust, automated layer for detecting structural regressions during KG evolution.

5.3. How to perform compliance-checking of KG lifecycle events?

Proposal: We propose a compliance verification mechanism designed to support the systematic
verification and auditing of KG lifecycle events against regulatory frameworks such as the EU Al Act
and GDPR. This mechanism operates by tightly integrating the previously defined machine-readable
documentation with the active monitoring mechanisms. By doing so, it cross-references documented
metadata against actual graph states to continuously verify data provenance, license adherence, and the
absolute integrity of various KG lifecycle events. This capability is critical for multimodal KGs, where
diverse, multi-source data types frequently introduce conflicting licenses and distinct legal bases for
data processing and usage.

Expected Results: The implementation of this compliance verification mechanism will enable
automated, systematic audits that identify and resolve legal or ethical conflicts before they result in
compliance failures. It will successfully reconcile conflicting licenses across different data modalities
and flags processing activities that lack a valid legal basis under the GDPR. Ultimately, this delivers a
transparent, legally auditable trail for MMKGs, ensuring that complex data integrations and Al-driven
lifecycle events remain strictly aligned with the ethical and regulatory mandates of the EU AI Act.

5.4. How to facilitate effective proactive communication with end-users of KGs?

Proposal: We propose a proactive communication mechanism designed to establish an automated
notification layer within the MMKG ecosystem that bridges the gap between back-end monitoring and
human-in-the-loop governance. This mechanism transforms raw system logs, validation states, and
compliance status updates into actionable, user-centric alerts. Central to this mechanism is a dedicated
User Interface (UI) featuring a dashboard and alerts tailored to visualise complex governance data in
an accessible manner for both end-users and KG engineers. The system is engineered to proactively
inform stakeholders of critical KG lifecycle events, including structural schema updates, system errors,
and ongoing compliance audits (such as license and consent verification when collecting multimodal
data to build or extend KGs).

Expected Results: The deployment of this proactive communication mechanism will deliver a
transparent, accessible, and highly actionable view of the legal and technical “health” of the knowledge
graph. By providing rich contextual insights through an intuitive dashboard, it will ensure that both
human administrators and automated Al agents can immediately respond to validation failures, potential
regulatory risks, or system anomalies. Ultimately, this mechanism fosters accountability and streamlined
oversight across the entire MMKG lifecycle.



6. Conclusions

In conclusion, as KGs and MMKGs become indispensable pillars for grounding and improving the
reliability of Generative Al the current lack of dedicated governance guidelines poses significant risks
to their integrity, safety, and regulatory compliance. This paper has highlighted the critical challenges
inherent in the MMKGs lifecycle, emphasising that they exist at the complex intersection of data and
Al governance. We have proposed a starting point for the development of a governance framework
centered on FAIR KG lifecycle event documentation and compliance verification. By providing a more
transparent, auditable lifecycle model, we can ensure that MMKGs serve as trusted, verifiable assets.
Moving forward, the implementation of these proposed mechanisms is essential for fostering trust,
ensuring adherence to legal frameworks such as the GDPR and the EU AI Act, and ultimately realising
the potential of responsible, KG-driven Al
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